
Corrections&amendments

AuthorCorrection:Bayesiandeep learning for error estimation in
the analysis of anomalous diffusion

Henrik Seckler & Ralf Metzler

The original version of this Article omitted page numbers in references [1, 2, 4, 6, 7, 10, 11, 12, 13,
14, 19, 20, 21, 22, 23, 24, 25, 26, 27, 28, 29, 30, 31, 32, 33, 34, 35, 36, 37, 38, 42, 43, 44, 45, 47, 48, 50,
51, 52, 53, 54, 56, 57, 59, 60, 63, 66, 67, 68, 69, 70, 71, 72, 73, 74, 75, 76, 77, 79, 84, 88, 91, 94, 96,
98]. This has been corrected in the PDF and HTML versions of the Article.
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